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| 4 Radius of cladding: 0.55 cm

' 1+~ Radius of coolant 1: 0.6545 cm

| Pitch of coolant 2: 1.47 ¢cm
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Summary Table of Continuous-Energy Hybrid

Standard
Method ke Deviation Error (pcm) Time (min) FOM
MC 1.38339 0.00010 — 335 9531
MOC 1.38011 — 328 — —
Hybrid* 1.38311 0.00004 28 364 54796
Hybrid ," 1.38303 0.00004 36 33 612130

“Hybridt = hybrid method with tallied slowing-down probability.
PHybrid, = hybrid method with analytic slowing-down probability.
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Step 1: construct deterministic model  Step 2: solve deterministic cigenvalue problem Step 3: calculate FW adjoint source

Step 5: calculate weight windows Step 4: solve deterministic fixed-source problem

El 5 FW-CADIS £ 2D PWR it & 52
B 5 Bor T HMC(FW-CADIS)FE 52Fr 2-D 42 — PWR #ER T E KR 68 7, B 8 RIHE T FW-
CADIS 7 R R & (% E 4T Lt #.



RU% MCNP FW-CADIS RU% MCNP FW-CADIS
0-1 11,127 0 9-10 397 0
1-2 31,670 38,233 10-11 212 0
2-3 34,229 25,571 11-12 113 0
3-4 16,382 41,652 12-13 55 0
4-5 8,301 6,872 13-14 24 0
5-6 4,674 227 14 - 15 13 0
6-7 2911 21 15-16 1 0
7-8 1,651 0 16-17 1 0
8-9 815 0

Bl 7 Number of space-energy flux tally cells by
relative uncertainty (RU) interval using MCNP5
with and without the FW-CADIS method

B 5 PR SIS E KR E £ 2011 £5 A
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fREQHT LERA.
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Bl 8 Relative uncertainty distribution for tallied
fluxes using MCNP5 with and without the FW-

100
I-Axis

Bl 6 Relative uncertainties in energy bin 5 (0.15 to
0.275 eV) computed using MCNP5 with (bottom) CADIS method
and without (top) FW-CADIS method
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